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Abstract

Candidate choice conjoint experiments are now among the most widely deployed
designs in political science, but their lessons are scattered across hundreds of sepa-
rate investigations. We present a meta-reanalysis of 243 such studies (reported in
144 papers) conducted in 52 countries among 434,079 respondents who chose between
hypothetical candidates in 2,176,525 pairs. Political attributes like policy positions
and partisanship exert substantially larger effects than demographic attributes such as

race, gender, age, and religion, a result that informs enduring theoretical debates over
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substantive and descriptive representation. The effects of most attributes shrink when
policy information is displayed alongside them. In US studies, respondents generally
favor co-partisans over demographically similar candidates. When party and policy
conflict, however, policy wins: partisans typically favor the out-partisan who shares

their policy views over the co-partisan who does not.

Keywords: candidate choice conjoint experiments; meta-reanalysis; descriptive represen-

tation; substantive representation



How voters choose among candidates for office in free and fair elections is a central ques-
tion in political science, as it underpins the main democratic mechanism by which citizens
are theorized to hold representatives accountable and translate policy preferences into gov-
ernment action (Dahl, 2008; Przeworski, Stokes, and Manin|, (1999). Suppose voters did not
care about a candidate’s policy positions, but instead only their race, their religion, their
gender, their social class, their political party: any resulting absence of substantive represen-
tation (representatives advancing their constituents’ policy interests) would compromise the
electoral connection between voters and their representatives (Pitkin, [1967). Suppose, by
contrast, voters did not care about a candidate’s background but instead only their policy
positions: any resulting absence of descriptive representation (representatives sharing salient
social characteristics with their constituents), especially for historically marginalized groups,
would erode democratic legitimacy, political inclusion, and trust (Pitkin} [1967; [Mansbridge),
1999; Phillips, [1995)). Actual voter behavior is likely to fall between these poles, and in subtle
ways, since voters can use social group membership to make informed guesses about policy
positions and since policy stances themselves can signal “authentic” social group member-
ship.

Empirically assessing how voters in fact choose among candidates in real elections is
inherently difficult because candidate attributes are correlated due to causes both observed
and unobserved. Differences in vote shares between men and women candidates, for example,
reflect not only the effects of gender, but also the effects of other characteristics that co-vary
with it, including experience, political affiliations, policy positions, and age. Leading theories
of candidate emergence suggest that individuals self-select into politics in structured ways
(Blackl, 1972; Rohde, 1979; |Jacobson and Kernell, 1983} [Fowler and McClure, [1989; Maestas
et al., 2006} Lawless and Fox, 2010). An observational comparison of the men and women who
end up standing for election therefore cannot separate the effects of gender from the effects of

selection; selection confounds observational comparisons of the many other attributes voters



might weigh in just the same way.

In response to this threat of omitted variable bias, political scientists have turned to
candidate choice conjoint experiments (hereafter “conjoints”), introduced to political science
by Hainmueller, Hopkins, and Yamamoto| (2014). In the standard design, respondents are
presented with a series of pairs of hypothetical candidate profiles that vary along a small
number of randomized attributes and are asked to choose between them. These experiments
aim to simulate the experience of choosing among real candidates at the ballot box; how
much conjoints can tell us about real elections depends on how well they simulate them.

Since their introduction to political science, conjoints have been deployed at a tremendous
scale. The rapid expansion of this design has generated a large and diverse body of studies,
spanning a wide range of countries, samples, and candidate profiles. Even without explicit
coordination, researchers have fielded structurally similar designs again and again. That
repetition provides a rare opportunity to test whether findings generalize across contexts,
and it is what the present study takes up.

Here we synthesize the experimental record using the tools of “meta-reanalysis” (Galos
and Coppock} [2023). In a meta-reanalysis, original study datasets are cleaned and standard-
ized, then reanalyzed using common estimation procedures before the resulting estimates are
combined in a meta-analytic framework. To date, meta-reanalysis has been applied to exper-
iments on gender-based hiring discrimination (Galos and Coppockl, [2023), preferences over
prospective immigrants (Avina et all [2026)), efforts to reduce expressive responding (Gra-
ham, 2026), randomized religious messages and endorsements (Sarkar and Coppockl, 2026]),
and party cues (Coppock and Galos, 2025). Whereas most areas of political science rarely
apply the same research design over and over, candidate choice emphatically does. And
while this repetition is rightly or wrongly deplored by some who might sigh “not another
conjoint,” the repeated application of the design yields a special view into the generalizability

of conjoint experiments across settings.



Earlier work has already pooled conjoint results, one attribute at a time. Focusing on
candidate gender, [Schwarz and Coppock! (2022) estimate an average effect of being a woman
(relative to a man) candidate of 1.8 percentage points on vote choice. [Eshima and Smith
(2022) find that candidates in the oldest age category receive approximately 7 percentage
points fewer votes than those in the second-youngest category. With respect to race, van
Oosten, Miugge, and van der Pas (2024) show that average effects are close to zero overall,
but that shared racial identity among minority respondents produces a substantial premium
of 7.9 percentage points. Relatedly, Mikkelborg (2025) documents a temporal trend in which
white Democrats’ support for Black candidates has increased by roughly half a percentage
point per year since 1988. Finally, Simon and Turnbull-Dugarte (2025)) find that holding
a university degree increases candidates’ vote share by 5 percentage points. We recover
each of these core findings (we note correspondences explicitly in the results section) while
substantially expanding the underlying corpus of experiments analyzed in each case.

Beyond confirming and extending our existing knowledge of candidate attributes in iso-
lation, the present study also places candidate attributes in direct comparison with one an-
other. We collect together the effects of demographic attributes (age, gender, race, religion),
political attributes (party, policy), and experience attributes (education, prior political of-
fice, occupation), using common measures and estimation strategies. With these estimates in
hand, we can describe the relative effects of each attribute, and further, how voters navigate
tradeoffs across them.

We highlight three main lessons from this broad synthesis of candidate choice conjoint
experiments. First, political variables affect vote choice more than demographic variables
on average, while experience variables usually fall in between. Second, attribute effects are
systematically smaller in studies that supply policy information than in those that do not,
a pattern that holds for demographic, experience, and political attributes alike. This cross-

study contrast is descriptive, as any comparison across studies in a meta-regression must



be, but the corpus also contains a few studies that randomize whether policy information is
shown, and these yield qualitatively similar estimates on a causal footing. Third, conjoints
are especially amenable to the study of how voters navigate explicit tradeoffs. Exploiting
matchups in which one candidate matches the respondent on demographics but not politics
and the other on politics but not demographics, we find that voters tend to prioritize political
alignment over demographic similarity. The sharpest instance pits party labels against policy
positions, with policy congruence inferred from respondent partisanship. When these cues
conflict, Democrats choose the co-partisan only 41.2% of the time, and Republicans 48.4%.
Both estimates therefore favor candidates expressing the respondent’s party-typical policy
positions over those sharing their party label, although only the Democratic result is clearly
distinguishable from indifference.

The special virtue of reanalyzing such a large corpus of randomized experiments is that
we can directly assess the generalizability of each of these three lessons. By examining the
distribution of effects across contexts, we find that in all cases we reject the null hypothesis
of exact homogeneity across settings: quite evidently, the precise numerical estimates vary
from study to study. That said, we can characterize how well the qualitative conclusions
hold across contexts by estimating the sign and magnitude generalizability of effects. For
example, the co-partisan advantage is particularly robust: 99 percent of study-level estimates
can be affirmed to have the same direction. In the case of candidate gender, however, only
34 percent of study-level estimates can be affirmed to favor women, yet 90 percent can be
affirmed to lie within 10 percentage points of the pooled average, so studies agree that the

gender effect is small even when they cannot agree on its sign.



Theories of candidate choice

In one view of electoral selection, voters choose the candidate they expect to best advance
their policy preferences, whether those positions are stated outright or inferred from party,
background, and social identity. In another, voters derive utility from supporting candi-
dates who share their social identities, independent of policy considerations. In this section,
we briefly elaborate these two views and connect them to the empirical patterns conjoint
experimentation might reveal.

Classical theories of candidate choice (e.g., Downs, [1957)) conceptualize elections as a
utility maximization problem in which voters select the candidate whose policy positions
are closest to their own. Under this framework, voters who prefer liberal policies tend to
choose liberal candidates over conservative candidates, and voters who prefer conservative
policies tend to do the reverse. Although this choice can become complex when voters
evaluate candidates across multiple policy dimensions, must infer candidates’ positions from
incomplete information, or themselves hold weak or internally inconsistent policy preferences
(Davis, Hinich, and Ordeshook, 1970; Calvert|, |1985; [Enelow and Hinich, |1981; Shepsle, |1972;
Alvarez, 1997), the core implication remains the same: electoral choice is fundamentally
about selecting among competing bundles of policy commitments.

Within this classical view, non-policy candidate attributes, such as race, gender, age,
religion, occupation, education, or prior experience, can influence voter support, but only
indirectly. These attributes matter insofar as voters use them as heuristics or shortcuts
to infer the policies a candidate is likely to support or implement if elected (Cutler, [2002;
Popkin, |1991). Put differently, demographic characteristics and other non-policy cues affect
vote choice not because voters intrinsically value those traits, but because they provide
probabilistic cues about candidates’ political orientations and capacities in environments

where policy information is limited or uncertain.



A substantial body of empirical work supports this inference-based account. For exam-
ple, studies show that voters often infer that Black candidates are more liberal than white
candidates on average, particularly in the absence of clear partisan or ideological information
(Wu and Huber, 2025, [Karpowitz et al., [2021; Sigelman et al., [1995; Nelson, Sanbonmatsu,
and McClerking, [2007; Karl and Ryan, 2016)). These inferred differences shrink or disappear
once clear ideological cues, such as party labels, are provided. Similarly, a large literature
shows that voters tend to perceive women candidates as more liberal than men candidates,
both when party labels are present and when they are absent (Abramson and Gillespie, 2024}
Koch, 2000, 2002; Huddy and Terkildsen, |1993; Sanbonmatsu, [2002; McDermott, 1997)). On
this account, one mechanism through which race and gender shape vote choice is the policy
expectations voters infer from them.

This inference-based mechanism also provides a bridge between descriptive and sub-
stantive representation. Under this classical view, descriptive representation can facilitate
substantive representation precisely because voters expect candidates who share their social
background to better understand, prioritize, and advocate for their group’s policy concerns.
Thus, even when voters are ultimately motivated by policy outcomes, they may prefer de-
scriptively similar candidates as a means of achieving substantive representation, especially
under informational constraints. A related tradition in the study of Black political behav-
ior emphasizes collective interests and social norms: Dawson (1995) argues that the Black
utility heuristic, often referred to as “linked fate” (Gay, Hochschild, and White} |2016)), leads
Black Americans to evaluate political choices in terms of their perceived consequences for
the group as a whole.

An alternative view, which we treat as equally plausible, holds that voters value descrip-
tive representation for its own sake, independent of any policy inferences. Often rooted in
social identity theory (Tajfel and Turner, 2004), this perspective emphasizes that individuals

derive psychological benefits from supporting in-group members and may prefer candidates



who share salient aspects of their identity, such as race, gender, age, religion, or class back-
ground, because doing so affirms belonging, shared perspective, or the symbolic standing
of the group (Wallace, |2014; |Lublin and Wright, [2024; Manzano and Sanchez, [2010; Schild-
kraut), 2013; [Stokes-Brown and Dolan|, 2010; |Dassonneville and McAllister, 2018). Under
this view, demographic-identity attributes should exert stable and independent effects on
vote choice, even when policy information is available, including in settings where voters
face competing cues.

This identity-based logic may also extend to partisanship. Voters may prefer in-party
candidates over out-party candidates not because of policy agreement, but due to a gen-
eralized preference for in-group members over out-group members (lyengar and Westwood,
2015)). In this sense, partisanship can function not only as a signal of policy alignment, but

also as a social identity (Green, Palmquist, and Schickler], 2004).

Observational Equivalence and Mechanisms

Adjudicating between these accounts is complicated by an observational equivalence problem.
For example, in a meta-reanalysis of candidate choice conjoint experiments focused on white
Democratic voters, Mikkelborg| (2025) documents a steady increase in support for Black
candidates. This pattern could reflect a genuine rise in taste-based preferences for descriptive
representation (a preference for Black candidates as such), but it could also reflect changing
policy preferences or shifting inferences about candidates’ policy positions. Nonexperimental
evidence admits similar ambiguity: changes in evaluations of women and racial-minority
representatives may reflect intrinsic preferences, or changing beliefs about competence, policy
positions, or group advocacy (Weissman, 2025). We therefore remain agnostic about the
underlying mechanisms, both theoretically and empirically. Our study can tell us how large
each effect is and how much it varies across contexts but it cannot tell us whether a preference

is held for its own sake or because of the policies voters expect.



This tension mirrors debates in the study of discrimination in other domains. Scholars
distinguish between “statistical” discrimination, where decision-makers rely on group stereo-
types to infer (correctly or not) unobserved characteristics, and “taste-based” discrimination,
where decision-makers hold intrinsic preferences for or against particular groups (Phelps|,
1972; |Guryan and Charles, 2013). Statistical discrimination parallels the inference-based
account of voter behavior, while taste-based discrimination parallels the identity-affinity ac-
count. Despite early optimism that factorial experimental designs could distinguish between
these mechanisms, subsequent work shows that such distinctions remain empirically elusive
(Heckman), (1998} [Neumark), 2012)). Conjoint experiments therefore reveal how voters respond

to attributes, but not the motivations underlying those responses.

The Role of Information and Cross-Pressures

If demographic and partisan cues function as heuristics for unobserved policy positions, their
effects should systematically attenuate when policy information is made explicit (Cutler,
2002; |Popkin,, |1991; Thomander, 2024; Malesky and Schuler, 2020)). This expectation is con-
sistent with evidence that voters rely more heavily on stereotype-based and other non-policy
cues in lower-information electoral settings, where partisan cues, prior elected experience,
or clear policy signals are less available (Thomander, 2024; Malesky and Schuler 2020)).
Alternatively, if voters value descriptive similarity intrinsically, the effects of demographic
attributes should persist even in the presence of clear policy information.

A related question is how voters resolve tradeoffs when they are “cross-pressured” by
competing identity and political cues (Huddy, Mason, and Aarge, [2015; Roccas and Brewer),
2002; Klar, 2013). A classical account predicts that voters will typically favor the in-partisan
candidate, since party signals the policy agenda a candidate would pursue (Rahn/|1993; |Lupia
and McCubbins| [1998; |Popkin, [1991; Downs, |1957). An identity-affinity account suggests

that shared demographic ties may sometimes pull voters away from their partisan group.

10



However, partisanship can function both as a policy signal and as a social identity, and
these roles need not align. When a candidate’s party label and stated positions conflict,
the choice reveals how respondents weigh those two cues; it does not separately identify the
role of partisan identity or respondents’ own policy agreement. Likewise, a tradeoff between
demographic similarity and co-partisanship identifies which cue prevails, not the motivations

behind that preference.

Design considerations for candidate choice conjoint ex-
periments

The basics of candidate choice conjoint experimentation are well covered elsewhere, but we
recapitulate the main points here. Survey respondents are recruited either through random
sampling from a panel (rare) or through opt-in websites (common). After subjects’ pre-
treatment covariates are measured, they are introduced to the conjoint choice environment.
In the standard design (the only variant we consider in this paper), subjects are presented
with two candidates per task and are asked to make a binary choice between them on the
basis of a small set of attributes, each of which has a randomized set of levels. Subjects
typically complete multiple tasks. Figure [I] shows the distribution of the number of tasks
and attributes in our corpus. The median number of tasks is 5 and the median number
of attributes is 8. Five studies randomize whether an attribute is presented or how many
attributes appear, so they have no fixed attribute count and are omitted from the right panel
of Figure [I} all 243 appear in the left panel.

Typically, the data produced by conjoints are reshaped so that the candidate profile is
the unit of analysis. Researchers then estimate an ordinary least squares regression of the
binary outcome on candidate features with standard errors clustered at the respondent level.

The coefficients returned by this regression are unbiased estimates of the Average Marginal
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Figure 1: Number of tasks and number of attributes

Note: Distributions cover conjoints from all countries, not US studies only. Left panel: the number of
binary choice tasks presented to each respondent, for all 243 conjoint experiments in the corpus; the
terminal bin collects the 15 studies that present more than ten. Right panel: the number of randomized
candidate attributes per profile, for the 238 studies with a fixed attribute count; the five studies that
randomize whether an attribute is presented, or how many appear, are omitted. Study-by-study task
counts are in Appendix Table
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Component Effect (AMCE), the standard estimand in conjoint experiments (Hainmueller,
Hopkins, and Yamamotol, 2014). The AMCE for a pair of attribute levels is the average
change in the probability that a profile is chosen when one level is swapped for the other,
averaging over the randomization distribution of every other attribute in the design. An
AMCE of 0.03 for candidate gender, for example, says that making a candidate a woman
rather than a man raises the chance that profile is picked by three percentage points, averaged
across all the other candidates a respondent might have seen. Whether the AMCE itself is
conceptually the “right” estimand has been the subject of serious methodological debate.
Abramson, Kocak, and Magazinnik| (2022) point out that a positive AMCE does not indicate
a strict preference for a candidate feature, since it can be influenced by minority preferences
held more strongly than those of the majority. Bansak et al. (2023) respond that this
property is a feature, not a bug, since it correctly accounts for the preference intensities that
presumably influence real-world vote choice.

In a separate line of critique, |Abramson et al.| (2026]) describe how the AMCE of level
1 versus level 2 of an attribute can depend on the comparison of levels 1 and 2 to the
other levels of an attribute. These authors therefore recommend an estimand they call the
“Average Feature Choice Probability” (AFCP), which is defined with respect to tasks that
include only profiles that differ on the relevant attribute levels and excludes all tasks in which
one or both of the candidates has an attribute level not included in the comparison. We
adopt the AFCP as our estimand. As shown in|Abramson et al.|(2026), for binary attributes
(comparisons of men candidates to women candidates, for example), the AFCP is equivalent
to the AMCE up to rescaling; the distinction matters more for multi-level attributes (race,
age categories) where the AMCE would additionally incorporate indirect comparisons.

The rescaling depends on how a design pairs the two profiles. When each profile’s levels
are drawn independently of the other’s, AMCE = AFCP — 0.50. Some studies that otherwise

follow the standard design instead force the two profiles to differ on an attribute: in every task
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one candidate is a Democrat and the other a Republican, and which profile carries which
party is randomized. The literature has no settled name for this arrangement. Authors
describe it in words (“One candidate was always a Democrat and the other a Republican,”
Leeper and Robison, [2020), and the restrictions discussed by [Hainmueller, Hopkins, and
Yamamoto| (2014) rule out implausible combinations within a profile rather than governing
how profiles are paired. We call it forced opposition. Twenty-one of our 243 studies, from 16
papers, force opposition on at least one of the binary attributes we analyze, most often party
(ten studies) and race (six). Under forced opposition every task is an A-versus-B task, so a
win for the A profile is a loss for the B profile, and the AMCE equals 2 x (AFCP — 0.50),
twice its value under independent draws. The AFCP is unaffected, since it is defined on
A-versus-B tasks whatever the design does with the rest. When pooling across designs that
pair profiles differently, this invariance is a further point in the AFCP’s favor.

Random assignment balances the other attributes across the A and B profiles in expec-
tation, not in any particular sample. In the 2,248 woman-versus-man tasks of |Atkeson and
Hamel (2020)), for example, 21.4% of the women but 19.5% of the men were school guidance
counselors, and 19.1% of the women but 20.7% of the men were business owners. The raw
AFCP absorbs such imbalances along with the effect of gender; adjusting for them moves
that study’s estimate from 0.566 to 0.557. Appendix [P]re-estimates every study-level AFCP
with a regression adjustment for the study’s other randomized attributes. The adjustment
is a mild correction: across 1,815 estimates the median change is 0.18 percentage points, and
93% of estimates move by less than half of their standard error. We report the raw estimates
throughout.

Regardless of whether we target AMCEs or AFCPs, a key design question for conjoint ex-
periments is the amount of information about the candidates to provide to subjects. |Bansak
et al.| (2021a) dub this dilemma the “satisficing-masking tradeoff.” Too much information

and respondents could become overloaded, taking cognitive shortcuts to answer the ques-
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tions without putting much thought into them (satisficing). Not enough information and
respondents could be thinking about unmentioned, relevant characteristics related to the
attributes that they do see (masking). Seen this way, the Clayton et al.| (2026) measurement
error critique concerns satisficing. By their estimates, at least some subjects answer con-
joint tasks by clicking haphazardly, typically resulting in choice probabilities closer to 50%.
Abramson and Gillespie’s (2024) separate critique of conjoint experiments is about masking:
their concern is that we do not learn the real effect of gender, since respondents use gender
to form beliefs about unobserved attributes such as ideology or party.

Our somewhat contrary view is that neither satisficing nor masking generates bias per se.
Instead we view each point on the tradeoff as corresponding to a different set of estimands.
Under their assumptions (random assignment, noninterference, excludability), conjoint ex-
periments generate unbiased estimates of their estimands; this property was proven for the
AMCE by Hainmueller, Hopkins, and Yamamoto (2014]), and it holds for other related
quantities of interest, including the AFCP. If subjects are satisficing because they are over-
loaded with information and all choices between candidates are coin flips or deterministic
button-mashing, then we correctly learn how subjects behave in an overloaded information
environment. If excluded attributes are “masked” by included attributes, then we correctly
learn about the total effect of the included attributes, inclusive of any inferences drawn about
excluded attributes.

Some elections for local office feature nonpartisan candidates with virtually no name
recognition among voters, who make their choice in the voting booth with no more infor-
mation than the name of the candidate from which some demographic information can be
vaguely inferred. Conjoints with few attributes might target this estimand well. Other
campaigns for office successfully communicate partisanship, some policy positions, and some
demographic information; these elections might be well simulated with conjoint experiments

with a moderate number of attributes that cover the main sorts of information communi-
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cated by the campaign to a distracted public. At the other extreme, high-salience elections
such as recent US presidential contests expose voters to a much richer mix of policy and non-
policy information. Conjoints with more attributes may better approximate these settings,

although they also increase the risk of respondent overload.

Meta-reanalysis design

Our study is a “meta-reanalysis” (Galos and Coppock, 2023)), which means we first gath-
ered the original datasets for all included studies, cleaned and standardized them, and then
calculated win rates (AFCPs) for the relevant matchups in each study.

Our goal was to assemble the candidate choice conjoint experiments we could identify and
reanalyze from available replication data. Eligible studies used a paired, binary forced-choice
design in which at least two candidate attributes were randomized and respondents selected
between candidates for electoral office. We refer to this as the “standard design.” Studies
that force opposition on an attribute meet this definition, since which profile carries which
level is still randomized. We do not consider here variations on the standard design, such as
designs that hold one or more of one profile’s attributes constant, vignette-based candidate
choice studies, or single (or triple or quadruple) profile designs. We searched for studies using
tools like Google Scholar to look through the literature in political science. We also searched
online data repositories, including the Time Sharing Experiments in the Social Sciences
(TESS) database, OSF, and the Harvard Dataverse. Additionally, we located some studies by
following citations from other works and corresponding with the original authors. Replication
data that were not available online were requested from the corresponding author. We
followed the PRISMA 2020 reporting guidelines in documenting this search, screening, and
inclusion process (Page et al., 2021); the corresponding diagram is presented in Appendix

Figure [B.3] Throughout, a study is a single conjoint design fielded on a single sample. A
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paper contributes more than one study when it fields separate samples, or when it fields
the same design in several countries, in which case each country enters as its own study. A
paper that randomizes some feature of the design within one sample still contributes a single
study. In total, we collected data from 243 different studies drawn from 144 papers and
conducted in 52 countries, representing over 2,176,000 unique choice tasks and over 434,000
unique respondents. These studies include online quota panels, probability and convenience
samples, student samples, and samples of political elites. The full table listing the studies,
where they were conducted, the sample types, the number of respondents, tasks, and profiles
is too long for the main text, so we present it in the appendix (Appendix Table .

The experiments we collected considered many different attributes; we necessarily focus
here on those attributes with the largest “estimate density,” by which we mean those at-
tributes with the greatest overlap across studies. We generated two sets of attributes that
we could compare, one for the set of all studies, regardless of the country of origin, and one
for the set of studies conducted in the US only. As shown in Figure 2| we compare eight
attributes falling into three broad families: demographic identity (gender, age, race, and
religion), experience (education, prior political office, and occupation), and politics (party).
In the US analyses we add policy positions to the political family. The families summarize
the overall pattern, and every attribute is also reported on its own, so readers who would
sort an attribute differently can read its estimates directly. Three assignments are arguable.
Occupation and education are included under experience because, unlike ascribed traits such
as race or gender, they reflect a life course of choices, though both also mark social identity
(which is why we use education as a matching trait in the analyses of shared characteristics).
Prior political office sits with experience, although a record in office also conveys policy in-
formation. Because of the extraordinary diversity of study countries, we study only average
effects for the international comparisons, and do not subdivide those samples by individual

difference variables. The only exception to this rule is the “in-party” versus “out-party”
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comparison, which relies on a measure of subjects’ own partisan affiliation.

To make AFCPs comparable across studies, we coarsen study-specific attribute levels
into common categories before estimating pairwise task-level win rates. Age is standardized
to young, middle, and old. Religion is standardized to Christian, Jewish, Muslim, and
none; because only seven studies randomize a Jewish candidate, the pooled comparisons
are among Christian, Muslim, and none. Outside the United States, race is standardized
only as majority versus minority because country-specific racial and ethnic categories do not
map cleanly across settings; in the US analyses, we retain the more specific white, Black,
Hispanic, and Asian categories. Education is standardized to Bachelor’s degree or more
versus no Bachelor’s degree; political experience to any prior political experience versus
none. Occupational backgrounds are standardized into working class, professional (chiefly
lawyers, doctors, and engineers), business/managerial, educator, farmer, and military, with
residual “other” categories omitted from the main comparisons. In US studies that randomize
policy positions, we collapse each profile’s policy content into a single overall stance: liberal,
conservative, or mixed. The full crosswalk from study-specific levels to these standardized
categories is provided in the replication materials.

Among the US studies only, we can disaggregate candidate race and party somewhat
and we can add a ninth attribute, policy liberalism. Because of the relative homogeneity
across the US studies, we can subdivide these samples by characteristics of individuals. Here
we split US samples by respondent partisanship, considering Republicans and Democrats
(including leaners where specified) separately for all comparisons.

All our estimates are computed at the task level, not the profile level. We ask how
frequently respondents choose a candidate of type A when given a choice between a candidate
of type A and a candidate of type B. Type A and type B can vary on one dimension (Black
candidates versus white candidates) or on multiple dimensions (Black Republican candidates

versus white Democratic candidates). We cluster our standard errors by respondent. For
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Note: Each row is one study and each column is one of eight candidate attributes; 238 studies randomize
at least one of the eight. A dot indicates the study randomized that attribute level; dot size is proportional
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Figure 2: Attribute levels by study (international comparisons

to the number of tasks in which the first profile carried it. Studies are divided into US and non-

The studies shown here are listed in Appendix Table



Gender Age Race Religion Educ.  Pol. exp. Occupation Policy Party

Abbot and Deveaux (2024), YouGov [ ] [ ] L] L] L] L) L] . L] .
Abertand Costa 2025), Lucid @ @ e o o o o
Amsalem and Zoizner (024, Lucid @ @ @ @ @ e o o o o o
Arceneaux and Truex (2023), Qu L] L] . L] L] . . . . L] . L] . . . L]
Atieson and Hamel 2020) MTuk @ @ e o o o e o o o e o o
Bakker, Schumacher, and Rooduii (2021), S8 o o o o
Bansak and Jenke (2025), student @ L] . . L] . . L] . . . . . L]
sstea v @ @ O @ O O O O @ [ ] o 00 o o0 0 ) o000 00
Bansaketal. (2018)5S1 @ @ e O o e o o o [ ) 3 [ ) 3 e o o o e o o L3 )
Bansak etal. (2021), MTurk ) o0 0 0O
Bansak et al. (2021), SSI o o o e @ o [ I ]
Careyetal. (2022) donors @ @ o o o c o o o o
Careyetal. (2022), YuGowy @ @ o o o e @ o o o
Carey etal, (2022) YouGov 0ct 2018 @ @ o o o e @ o o o
Carmes and Lupu (2016), YouGov @ @ o . o . . . o .
Castanho Silva, Neuner, and Wratil (2023), Lucid . L] .
Cho etal. (2026), Lucid Asian American 1 @ @ o o o o L )
Cho etal. (2026), Lucid Asian American 2 @ @ e o o o
Claassen (2026), Savanta @ @ e 0 o o o ] e 0 o [ N )
Costa (2021), Lucid @ L ] . L] . L] L] L] L] L]
Dai and Kustov (2024), MTurk o o e o o o o e o o
Doherty Dowling, and Miller (2019), CCES 2016 @ @ e o o o« o e o o o e o o
Driscoll and Nelson (2023), MTurk e @ o o o
Ferrari and Smith (2025), Prolific . [ ] . L] L] L]
Funck and McCabe (2022), Lucid 1~ ® @ ¢« o o o o o o °« . . e o o o o e o o o o
Gidengil, Stolle and Bergeron-Boutin (2022b), Dynata @ @ e o o e O e o o
Gothreau and Laustsen (: nited States, YouGov = @ @ e o o e O o O o
Graham and Svolik (2020), Lucid @ @ o @O o ® o o o e © o o o e o o [ N ]
Green, Schaffner, and Luks (2023), YouGoy @ @ e o o ® o o [ ]
Haines and Masket (; 1), Qualtrics 1 L] [ ] L] . . .
Haines and Masket (2024), Qualtrics2 @ L] L] L] L L]
Hainmueller, Hopkins, and Yamamoto (2014), MTurk @ @ « o o e o o o o o o . . . e o o o
e o6 o 0o 0o o o o o o
Hjortskov and Andersen (2024), MTurk @ L) Ll L] L] L] L] Ll L] . .
Holman, Merolla, and Zechmeister (2016), Knowledge Neworks ~ ® @ .
oG @ @ e o o o . . e o o e o o
Islam and Loewen (2026), Abacus Data @ @ LI ) e o o o L I ) ® o o o e o
Joo et al. (2026), Qu . L] . . . . L] . L] .
Kennedy etal. (2025), Proliic @ @ e o o
Kimand Kweon (2024) Lucid @ ® e o . o o o e o o
Kirkland and Coppock (2018), MTuk @ @ e o o e o o o e o e o o e o o
Kirkland and Coppock (2018), YouGov . L) Ll L] L . . . . . L] . . . . . . .
Kustov and Dai (2026), Prolific L ) ® o o o o [ o
Laterzo-Tingley and Christiani (2024), Qualtics @ @ o o e o o
Laterzo-Tingley and Chiistiani (2024, suudert. @ @ o o ¢ o
Leeper and Robison (2020), * o « o o o o o o e o o o o o e o o o o
Lemi (2021), Q o o o e o o e o o o o o
Loewen and Rheaut 2021), Q o o « . ¢« o o « . ¢« o o o o
Lublin and Wright (2024), Boviz @ L] . . . L] L] . . . . L] L]
Madid etal. 022) MUk @ @ e o o o o e o o o e o o o o o e o o
Magni and Reynolds (2021), Cint @ L) L] . . . . . . . . L] L] . L] L] L] L ]
Manento and Testa (2022), MTurk @ L) . L] L] L] . . . Ll L] L] . . .
Mielborg (2025), CAvoterfle @ .« . e T « . e .
Mikkelborg (2025), Lucid 1 « . . o « . e .
Mikkelborg (2025), Lucid 2 .« o . o« o o« o e .
Mikkelborg (2025), Lucid 3 .« o . P « . e .
Mikelborg (2025), Lucid 4 @ ® .« . o . « e T .
Mikelborg (2025), Lucid 5~ @ ® « . o o o o o o .
Miler and Ziegler (2024), MTurk @ @ e o o o e o o o o . o o o o o e @ o o o
Mo (2015), Sample Czar @ @ .
Mummolo, Peterson, and Westwood (2021),5511 @ @ @ o o c @ ¢+ o O
Mummolo, Peterson, and Westwood (2021), 5512 @ @ ® o o « @ o
Noble and Carlson (2025, Proliic @ @ o o ¢« o o o o
OwandBuden209.55 @ @ @ O © 6 O e ® e o . @ o o
Ornstein et al. (2025), CES/YouGov @ L] Ll L] L] . . L) L] . . . .
Pedersen (2026), YouGov [ ] [ ] [ ] [ ] . L] [ ] . .
Peterson (2017), 5511 » @ « e o e e . . e o e e « . e .« .
Peterson (2017, 5512 ® @ o« o e e o s . .« e e o s . « o P
n and Simonovits (2018), Qualtics @ @ . . . . ¢« o e o e
Reher (2025), online quota . L] Ll . L] . L] L] . L] . . . .
Robinson (2023), CESS « o « o o o e
Saha and Weeks (2022), DLABSS 1 ® @
Saha and Weeks (2022), DLABSS 2 @ @ « o o « o o o o
Saha and Weeks (2022), DLABS L] L] L) .
‘Saha and Weeks (202 ° o
Sances (2018), Facebook e o o o e o o
oeder and Campos (2026), Prolific @ @ e o o o « o e o o
sevietal (2025, s @ @ @ e o o o o . e o o
Sevi, Crabree, and Biais (2024), Lucid @) e o o
Short et al. 2026), volunteers « o « e o « .
Teele, Kalla, and Rosenbluth (2018), GiK @ L) Ll . . Ll L] . .
Teele, Kalla, and Rosenbluth (2018), legislators 1 L] L] L] . L] . [} L] .
\Vecchiato and Munger (2025), YouGov L] L] L] . L] L] . . Ll L] .
Wakefield (2025), Quatics . .
Wood (2023), Boviz .
Wuest and Pontusson (2022), online panel @ @ o o
&{é\ \&\?}\

Figure 3: Attribute levels by study (US comparisons)

Note: Each row is one US study and each column is one of nine candidate attributes. A dot indicates the
study randomized that attribute level; dot size is proportional to the number of tasks in which the first
profile carried it. The studies shown here are listed in Appendix Table
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US studies, we assign respondent weights by iterative raking to 2022 American Community
Survey targets for gender, age, race, and education whenever the replication data record the
necessary demographics, which they do for 61 of the 86 US studies; the remaining 25 are
analyzed unweighted. Six of those 25 do supply survey weights of their own, and we set
them aside deliberately so that every weighted US estimate rests on the same benchmark.
Outside the United States we retain whatever weights a study supplies, as 68 of the 157
non-US studies do, and analyze the rest unweighted. We do not rake non-US samples to
national benchmarks because comparable targets are not consistently available across the
corpus’s many national contexts.

We apply a random effects model to calculate the meta-analytic estimates. The model
presumes that the true distribution of effects is characterized by a normal distribution with
mean g and standard deviation 7. We report estimates of both 1 and 7. We also report the
p-value of a Q-test against the null hypothesis of residual effect homogeneity across sites. We
estimate sign generalizability (Egami and Hartman, 2023; |Slough and Tyson| 2024)), with a
procedure adapted to answer what fraction of the estimates fall to the same side of 50% as
the estimate of u. We estimate magnitude generalizability as the fraction of estimates that
can be affirmed to fall within 10 percentage points of the average effect estimate.

A natural concern about any meta-reanalysis is whether our reanalyzed estimates faith-
fully recover the effects reported in the original papers. We validate our approach by com-
paring our study-level AFCPs against a set of published estimates gathered from the original
papers. To make the comparison, we translate published values to the AFCP scale. For a
binary attribute with levels A and B, a published AMCE equals m x (AFCP — 0.5), where
m = 1+ Pr(opponent is B | A) — Pr(opponent is B | B) records how the design pairs the two
levels: m = 1 under independent draws, m = 2 under forced opposition, and other values for
designs that make A-versus-B tasks more or less common than independent draws would.

We compute m from each study’s task data and set AFCP = 0.5 + AMCE/m; a marginal
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mean (MM, [Leeper, Hobolt, and Tilley, [2020)) translates as AFCP = 0.5+ 2(MM — 0.5)/m.
A published share of choices in A-versus-B tasks is already an AFCP and needs no trans-
lation. Estimates reported in designs that use conditional or interactive specifications (e.g.,
the party effect conditional on the number of policy agreements shared with the candidate)
are flagged as not directly comparable and excluded from the validation. We also record
how each article reports the contrast, whether as a printed number or only in a coefficient
plot. Across the 341 comparisons an article states numerically, our re-estimates recover the
published value closely: the median absolute discrepancy is 0.5 percentage points, and 97%
of comparisons fall within 5 points. For the 76 comparisons an article displays only in a
figure and from which a single value can be read, agreement is looser but still close (median
0.6 points, 99% within 5 points). Appendix Figure presents both comparisons, which we
take to be strong evidence that we have reanalyzed the corpus correctly. When we investi-
gate the largest of the discrepancies, they turn out to depend on (in our view all defensible)
weighting, subsetting, and construct-definition decisions made differently by original ana-
lysts and by us: the single largest, 17 points, arises because the original authors count a
candidate as a co-partisan at the level of the electoral coalition while we match on the party
label itself.

Beyond validation, this exercise shows how rarely the comparisons we report appear, in
the form we report them, in the papers that produced them. Of the 1,705 study-comparison
pairs included in our publication-reporting audit, only 341 (20.0%) are stated numerically in
the original article. A further 209 appear only inside a coefficient plot, so even by that looser
standard just 550 (32.3%) have a published analogue and 1,155 (67.7%) do not. Reading
each of those 1,155 against their source articles shows that very little of the shortfall is a
number the original authors withheld. For only 212 of them did the original produce nothing
at all: 34 because no article exists, and 178 because the attribute is in the design but appears

in no results display. The other 943 were analyzed and published, but at a coarser or finer
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level of aggregation, for a different subsample, or as a different quantity, most often because
a category we pool is one the article reports level by level. The value of working from the
microdata lies less in surfacing hidden numbers than in harmonizing the level of aggregation:
a literature that reported its results at many different resolutions can be brought onto a single
common scale, which is what makes the estimates in this paper comparable across studies
at all.

Finally, a concern that attends any attempt to learn from the published record but does
so especially keenly for meta-analyses is the publication filter. We address publication bias
in two ways. First, we do not condition our search on publication status; that is, we include
experiments from working papers so long as they meet our design criteria. Second, because
we recompute each matchup from the microdata regardless of whether the original paper
reported it, an estimate does not enter the corpus by virtue of being statistically signifi-
cant. Even so, we can assess the extent of publication bias with a three-parameter selection
model (Vevea and Hedges, [1995)), which provides a test of selection and a selection-adjusted
estimate of pu (Appendix . Under that model, only the women-versus-men comparison
shows statistically significant evidence of selection, and the estimated selection favors non-
significant results. The selection-adjusted AFCPs strongly track the unadjusted estimates
closely in all cases. In the following section, we present estimates that have not been adjusted

for selection.

Results

Demographic, Experience, and Political Attributes

We begin by evaluating the relative importance of demographic, experience, and political
attributes in shaping candidate choice. Figure 4] summarizes the distribution of study-level

estimates across all candidate conjoint experiments in our sample. Each row corresponds
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to a matchup between two attribute levels, and the horizontal axis displays the vote share
for the “first” candidate. The point estimate and confidence interval in each row refer to ji,
the average of the distribution from which study-level estimates are drawn, while the fitted
normal distribution reflects between-study variation.

Across these matchups, political attributes generally have larger effects on vote choice
than demographic attributes, with experience attributes often falling between the two. The
in-party advantage is the largest and most consistent contrast.

Within the demographic family, effects are generally modest and often close to indiffer-
ence. Respondents prefer younger candidates to older candidates, but preferences by gender
are comparatively small and race-based matchups are often near coin flips, consistent with
prior work (Schwarz and Coppock, 2022; van Oosten, Miigge, and van der Pas| 2024)). Ap-
pendix Figure shows that the pooled international gender and majority-minority race
averages summarize real country-to-country heterogeneity, especially for gender, even though
most country-level estimates remain substantively close to 50%. Fewer experiments investi-
gate the effects of candidates’ religious affiliation, so we are less certain of these estimates.
That said, Christian versus none is centered almost exactly on 50%), whereas Christian versus
Muslim and Muslim versus none imply larger average differences on the available evidence.

Overall, the experience attributes show somewhat stronger effects: candidates with a col-
lege degree perform better on average, while candidates without prior political experience face
a substantial penalty. Occupational background contrasts are modest: business/managerial,
educator, farmer, military, and working-class candidates all cluster relatively close to profes-
sional candidates.

Political attributes exert much larger effects. Respondents choose in-party candidates
over otherwise similar out-party candidates 72.5% of the time. In the main, respondents
weigh political attributes far more heavily than demographic ones.

Table 1] summarizes these comparisons in terms of the estimated mean (u) and stan-
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Figure 4: Meta-analytic estimates of win rates by matchup

Note: Each row shows the distribution of study-level AFCP estimates for one matchup type across all
countries. The shaded curve at left is the fitted normal distribution from the random effects model, labeled
with its mean fi and between-study SD 7 on the AFCP percentage scale; the point and interval show fi
with its 95% confidence interval. The dashed vertical line marks 50%, the point of indifference between the
two candidates. Gold: matchups from studies that include explicit policy information. Blue: matchups
from studies without. k at the right of each row is the number of contributing study-level estimates, which
exceeds the number of studies wherever a study randomizes whether policy information is shown and so
contributes an estimate in each condition. Complete numerical results for every point plotted here are in

Appendix Table [Q.20]
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dard deviation (7) of the estimated normal distribution. The table also reports the p-value
from the Q-test against the null of homogeneity across sites; that null is rejected for every
matchup. The “sign generalizability fraction” column reports the fraction of estimates that
can be affirmed to lie on the same side of 50% as the estimated p. Among the matchups
estimated from many studies, sign generalizability is strongest for in-party versus out-party
comparisons at 99%, indicating near-universal agreement in direction across studies; the only
fractions above it are the 1.00 recorded for Christian versus Muslim and Republican versus
Independent, resting on nine and eight studies respectively. Sign generalizability is weakest
for the five pairwise race matchups, which sit between 2% and 10% because study-level esti-
mates cluster close to indifference; the pooled majority-versus-minority comparison, at 33%,
is the exception. For women versus men specifically, the sign generalizability fraction is only
34%. The distinction here is between agreement and affirmation. Fully 86% of the study-
level women-versus-men estimates lie above 50%, but most are individually too imprecise to
rule out the other side, so only about a third can be affirmed by the sequential procedure. A
low sign generalizability fraction can therefore reflect imprecision rather than disagreement
in estimated direction. The final column reports a complementary magnitude generalizabil-
ity fraction: the share of study-level estimates affirmed to lie within +10 percentage points
of i by the same Egami-Hartman sequential procedure (Egami and Hartman) |2023; [Slough
and Tyson, 2024). High magnitude generalizability means that studies agree not merely on
the sign of an effect but on its rough size; Appendix Table |D.3| shows that these fractions
move in the expected direction as the tolerance band is tightened to +5 or widened to 415
points.

Figure |5| focuses on the US studies and splits estimates by respondent partisanship.
Across most demographic and experience attributes, responses are strikingly similar across
partisan groups: Republicans and Democrats evaluate candidates of different ages, educa-

tion levels, and experience levels in nearly identical ways, and four of the five occupational
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Table 1: Sign and magnitude generalizability by matchup (all studies)

Attribute k u (SE) 7 (SE) Qp Sign  Mag.
gen. gen.
Demographics
Women vs Men 218 0.53 (0.00)  0.04 (0.01)  <0.001 034  0.90
Young vs Old 114 0.58 (0.00)  0.05 (0.02)  <0.001 0.61  0.53
Young vs Middle 133 0.51 (0.00) 0.03 (0.01) <0.001 0.11 0.80
Middle vs Old 95 0.58 (0.01) 0.05(0.02) <0.001 0.63 0.58
Majority vs Minority 106 0.53 (0.01) 0.06 (0.02) <0.001 0.33 0.59
White vs Black 61 0.48 (0.01) 0.03 (0.02) <0.001 0.10 0.64
White vs Hispanic 49 0.50 (0.00)  0.02 (0.01)  <0.001 002  0.73
White vs Asian 38 0.50 (0.01)  0.04 (0.02)  <0.001 0.05  0.61
Asian vs Hispanic 35 0.52 (0.01) 0.05(0.03) <0.001 0.09 0.43
Black vs Hispanic 46 0.52 (0.01) 0.03 (0.02) <0.001 0.04 0.61
Christian vs None 22 0.49 (0.01) 0.03 (0.02) <0.001 0.09 0.68
Christian vs Muslim 9 0.61 (0.01) 0.03(0.03) <0.001 1.00 1.00
Muslim vs None 9 0.37(0.01) 0.03 (0.02) <0.001 0.89 0.56
Experience
College Degree vs None 55 0.57 (0.01) 0.06 (0.03) <0.001 0.67 0.75
No vs Any Political Experience 120 0.43 (0.01) 0.06 (0.02) <0.001 0.62 0.57
Business/Managerial vs Professional 110 0.48 (0.00)  0.03 (0.01) <0.001 0.12 0.53
Educator vs Professional 75 0.50 (0.00) 0.03 (0.02) <0.001 0.03 0.40
Farmer vs Professional 35 0.51(0.01) 0.02 (0.02) <0.001 0.03 0.37
Military vs Professional 14 049 (0.01) 0.02 (0.02)  0.019 0.07  0.64
Working Class vs Professional 35 0.49 (0.01) 0.05(0.02) <0.001 0.14 0.60
Politics
Conservative vs Liberal Issue Positions 95 0.43 (0.01) 0.09 (0.04) <0.001 0.55 0.37
Conservative vs Mixed Issue Positions 76 0.44 (0.01)  0.07 (0.03) <0.001 0.49 0.53
Liberal vs Mixed Issue Positions 76 0.53 (0.01) 0.08 (0.03) <0.001 0.37 0.53
In-party vs Out-party 79 0.73 (0.01) 0.08 (0.03) <0.001 0.99 0.46
Republican vs Democrat 49 0.47 (0.01) 0.04 (0.02) <0.001 0.45 0.73
Republican vs Independent 8 0.38 (0.02) 0.04 (0.03) <0.001 1.00 0.75
Democrat vs Independent 8 0.48 (0.01) 0.03 (0.03) 0.002 0.12 0.88

Estimates cover conjoints from all countries, not US studies only. Each row summarizes one matchup across all
studies in the corpus. u is the meta-analytic mean AFCP and 7 is the between-study standard deviation (REML).
Qp is the p-value from Cochran’s Q test of residual homogeneity. Sign gen. is the fraction of study-level estimates
affirmed to lie on the same side of 50% as fi by the Egami—Hartman sequential test. Mag. gen. is the fraction affirmed
to lie within +10 percentage points of i by the same procedure. Standard errors in parentheses.

contrasts likewise. Differences do emerge for gender and race, and for business/managerial
candidates, but all are modest in magnitude. Democrats are somewhat more likely to sup-
port women candidates (54.2%) than Republicans (49.1%), and they are less likely to favor
white candidates over Black candidates (46.6% versus 52.2%).

Importantly, the pooled US race averages obscure meaningful heterogeneity by respon-

dent race. Appendix Figure shows that in white-versus-Black matchups, white respon-
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Figure 5: Meta-analytic estimates of win rates by matchup (US studies, by respondent
partisanship)

Note: Same design as Figure El but restricted to US studies, split by respondent partisanship (Democrats
and Republicans). US estimates are weighted to 2022 American Community Survey benchmarks on gender,

age, race, and education where the requisite variables are available; otherwise, they are unweighted.
Complete numerical results for every point plotted here are in Appendix Table
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dents slightly favor the white candidate on average (50.8%), whereas non-white respondents
slightly favor the Black candidate (46.4% choosing the white candidate). A separate shared-
identification analysis, closest to the approach in van Oosten, Miugge, and van der Pas
(2024)), shows that across studies with compatible respondent and candidate race or ethnic-
ity measures, the pooled same-race premium is small overall (3.0 percentage points), close to
zero among white respondents (0.9 points), but much larger among Black respondents (9.3
points) and moderate among Hispanic respondents (5.4 points; Appendix Table and
Figure [0.28). Appendix Figure reproduces the trend reported by [Mikkelborg] (2025)):
among white Democrats, support for the Black candidate has increased by about 0.8 per-
centage points per year (p = 0.004). The slope among white Republicans is similar (0.7
points per year, p = 0.06), and the two party slopes are not distinguishable from each other.

Political attributes produce stark divergence. Republicans and Democrats overwhelm-
ingly favor candidates aligned with their own party and policy positions: Republicans choose
the Republican candidate over the Democrat 72.4% of the time, while Democrats choose that
same Republican candidate only 27.2% of the time. Similarly, Republicans prefer candidates
with conservative positions over liberal ones 65.6% of the time, compared with 28.7% among
Democrats.

In our view, the main takeaway from Figure [5| is that demographic and experience at-
tributes have modest effects that do not differ greatly by respondent partisanship; whatever
differences there may be pale in comparison to the differences by candidate partisan affilia-
tion. Study-by-study forest plots for every matchup, split by country grouping and, for US

studies, by respondent partisanship, are collected in Appendix @ (Figures |0.31HO.39)).

Shared Identification

In this section, we consider how strongly voters favor candidates who share their own char-

acteristics. Figure [0] reports, for every characteristic on which we can match candidates
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to respondents, the rate at which voters choose the candidate who shares their trait over
one who does not. Sharing a candidate’s party is by far the strongest source of affinity:
co-partisans are chosen roughly 70% of the time. Sharing age, race, or gender moves choices
only a few points off 50%, and shared education is indistinguishable from a coin flip. We
further find that the co-partisan premium is larger when no policy information is available,
consistent with party serving as a summary cue for policy.

The small average same-race premium masks substantial heterogeneity across respon-
dents. Appendix Figure disaggregates the same-race preference by respondent race
and shows that it is sizable for non-white respondents: among Black respondents the co-
racial candidate is chosen about 59% of the time, approaching the roughly 70% rate at
which voters choose co-partisans, while among white respondents the same-race premium is

essentially zero.

Information as a Moderator of Candidate Evaluation

We next examine how these patterns depend on the informational environment in which
candidate attributes are presented. We count a study as showing policy information when at
least one randomized attribute states where a candidate stands on a policy issue. Attributes
that give only an ideological label, or that name the issue a candidate would prioritize with-
out saying what position they take on it, do not count. Where a study states positions on
several issues, we collapse them into a single liberal, conservative, or mixed classification.
Four studies randomize whether policy information appears rather than fixing it by design.
For these we estimate separately within each condition, so that the tasks without policy in-
formation contribute to the no-policy estimates and the tasks with it contribute to the policy
estimates. No estimate averages over the two conditions. Figure|7|provides a compact visual-
ization of these effects by plotting Democratic estimates (horizontal axis) against Republican

estimates (vertical axis), allowing us to distinguish attributes that generate shared versus
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Figure 6: Shared identification across candidate characteristics

Note: Each row reports the meta-analytic AFCP of choosing the candidate who matches the respondent on
the named characteristic over the candidate who does not, estimated study by study and pooled with a
random effects model. Estimates cover conjoints from all countries, not US studies only. Slabs are the
predictive distributions N (mean, between-study SD); the point and interval give the pooled mean and its
95% confidence interval; small points are study-level estimates. Black: all studies. Gold: studies that show
candidate policy positions. Blue: studies that do not. The dashed line marks 0.5. US estimates use 2022
ACS weights where available and are otherwise unweighted. Complete numerical results for the pooled
estimates plotted here are in Appendix Table
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divergent responses across partisans.

Two patterns emerge. First, most demographic and experience attributes tend to pro-
duce similar evaluations across partisans, whereas political attributes generate sharp partisan
divergence. Estimates for age, education, experience, and the working-class versus profes-
sional comparison lie primarily in the top-right and bottom-left quadrants, indicating that
Democrats and Republicans respond in the same direction. Gender and race cluster near the
50-50 point where the two reference lines cross, reflecting their relatively small effects on vote
choice for both groups. Estimates for partisanship, by contrast, lie in the top-left quadrant,
indicating that Democrats and Republicans evaluate the same candidates in opposite ways.

Second, estimates from studies that include policy information (gold) are often closer to
the 50-50 point than those from studies without (blue), particularly for party and several
demographic comparisons, though there are exceptions. See Appendix Table for formal
hypothesis tests of the difference in AFCPs by the presence of policy information in the
conjoint table. We emphasize that these contrasts represent descriptive differences: in this
analysis we simply describe how conjoints with and without policy information (which may
differ on other dimensions as well) generate different estimates.

Fortunately, the corpus also contains a few studies that randomize policy display within
an otherwise fixed design: Bansak et al.| (2018)) (studies 1 and 2), Funck and McCabe| (2022)),
and Peterson (2017) (study 1). We meta-analyze these designs to isolate the causal effect
of policy information on other attribute estimates. Appendix Table [F.9| shows that policy
information substantially attenuates the in-party advantage, as well as several age, education,
and experience contrasts. The effects are not uniform across attributes, but the randomized
evidence broadly reinforces the descriptive pattern.

One might worry that the attenuation in the descriptive analysis of party cues under
policy information is mechanical: the presence of an additional attribute of any kind would

pull effects toward 50% (Abramson, Kocak, and Magazinnik, [2022). Appendix Table
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shows that dilution of this kind is not a general feature of these experiments: pooling across
matchups, AFCPs are essentially unrelated to the number of randomized attributes (a slope
of —0.001 per attribute, p = 0.61). Attenuation instead concentrates in the matchup with
the strongest cue: the in-party advantage shrinks by 1.1 percentage points per additional
attribute, while the penalty for political inexperience moves by 0.2 points, which we cannot
distinguish from zero. Appendix Table separates the two explanations directly. Condi-
tional on the number of attributes, displaying policy positions reduces the in-party AFCP by
9.9 percentage points, most of its unconditional effect of 10.4 points, while each additional
attribute of any kind contributes a further 0.6 points, which we cannot distinguish from zero.
Political experience shows the same pattern: policy display attenuates the penalty by 6.1
points, and the 0.1-point contribution of each additional attribute is indistinguishable from
zero. Across studies, then, the smaller in-party AFCP under policy information is associated

with policy content specifically rather than with longer profiles in general.

Cross-pressured Respondents

We now turn to the most direct test of how voters resolve competing considerations. Rather
than varying one attribute at a time, the analyses in this section consider tasks in which
respondents choose between candidates who match on different dimensions. Figure [§] illus-
trates this design by comparing candidates who match respondents on party but not gender
to those who match on gender but not party.

Across the gender tradeoff panels, voters usually prioritize political alignment. For ex-
ample, Democratic men choose women Democrats over men Republicans 71% of the time,
with Republican men and Republican women both at 71%, and Democratic women at 68%.
The race panels point in the same direction, though with a thinner evidence base. When
demographic similarity and partisan alignment come into conflict in these tradeoff analy-

ses, respondents generally favor the latter. As in previous analyses, these effects depend on
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Figure 7: Matchup estimates among Democratic and Republican respondents, depending on
the presence of policy information

Note: Each point is one study-level AFCP estimate. Estimates are restricted to US studies, the only ones
in which respondents are classified as Democrats and Republicans. The Democrat estimate (x-axis) and
Republican estimate (y-axis) come from the same study and matchup type. Gold: studies that include
explicit policy information; blue: studies without. Faint points with whiskers are study-level estimates and
their 95% confidence intervals; the solid, larger point in each color is the pooled random effects mean for
that group. The annotation gives that pooled point’s coordinates (D on the horizontal axis, R on the
vertical) and k, the number of contributing studies, so panels resting on few studies are identifiable as such.
Dashed lines at 0.5 mark the no-preference baseline. Points in the upper-left or lower-right quadrants
indicate opposite signs for Democratic and Republican respondents. Complete numerical results for the

pooled estimates plotted here are in Appendix Table [Q.23]
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the informational environment. Estimates are closer to indifference when policy informa-
tion is included. This pattern is consistent with an informational explanation, although the
comparison does not identify why these cues become less influential.

Figure [J] extends this analysis across 12 sets of tradeoffs. The key comparisons are in the
fourth column of panels, which reflect the direct choices between demographic similarity and
political alignment. Across most specifications, respondents prefer candidates who match
their political side over those who match them demographically. The pattern is evident
for most gender and race subgroups, although the Black Republican estimates in the direct
party-versus-race tradeoff fall below 50% in both policy-information conditions and are too
imprecise to distinguish from indifference. The corresponding forest plots for the remaining

panels are presented in the appendix.
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Figure 8: Meta-analytic estimates of party versus gender tradeoffs

Note: Each panel is one respondent subgroup defined by gender and partisanship. Estimates are restricted
to US studies. Candidate A matches the respondent on party but not gender; Candidate B matches on
gender but not party. The estimand is the AFCP for Candidate A. Small points are study-level estimates;
large points are random effects meta-analytic means with 95% confidence intervals. Values beside the
pooled estimates are the AFCP with its standard error in parentheses. Study-level estimates are plotted
without labels; their numerical values appear in the estimate-level supplement. Gold: studies with policy
information; blue: without. Complete numerical results for the pooled estimates plotted here are in

Appendix Table
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Figure 9: Meta-analytic estimates of candidate choice tradeoffs

Note: Each panel is one combination of demographic attribute (gender or race, the two panel rows) and comparison type (the six panel
columns); within every panel the rows of points are respondent subgroups defined by partisanship and by the demographic attribute.
Estimates are restricted to US studies. The six column facets compare candidates who match or mismatch the respondent on political
alignment and on the demographic attribute; the fourth column, where one candidate matches only on politics and the other only on the
demographic attribute, is the core tradeoff and its cells are shaded light gray to mark it. Political alignment is measured using party match.
Small points are study-level AFCP estimates; large points are random effects meta-analytic means with 95% confidence intervals. Gold:
studies with policy information; blue: without. Complete numerical results for every point plotted here are in Appendix Table



We conclude with estimates of how respondents choose among candidates when party
labels and policy positions point in opposing directions. Because respondents’ own issue
positions are not measured in most studies, we proxy policy congruence using their parti-
sanship. We first collapse each candidate’s randomized policy content into a single overall
stance (liberal, conservative, or mixed) using the coarsening described above; candidates
with mixed or offsetting positions are set aside for this analysis. We then classify liberal
positions as congruent for Democratic respondents and conservative positions as congruent
for Republican respondents. The key matchup pits a candidate who shares the respondent’s
party but expresses positions conventionally associated with the other party against an out-
partisan whose positions align with the respondent’s party. Figure summarizes these
tradeoffs.

The figure shows the common-sense pattern that respondents generally favor co-partisans
when policy direction is held constant and candidates expressing their party’s typical policy
positions when party labels are held constant. In the fourth facet (where party and policy
push in opposite directions), we see that Democratic respondents choose the Democrat with
conservative positions over the Republican with liberal positions 41.2% of the time (95%
CI: 35.1-47.3%). Republican respondents choose the Republican with liberal positions over
the Democrat with conservative positions 48.4% of the time (95% CI: 44.0-52.8%). The
Democratic result favors the out-partisan with party-typical policy positions; the Republican
estimate does not differ clearly from an even split.

These results reveal an important limit to the influence of party labels. Although co-
partisanship strongly shapes candidate choice, respondents lean toward party-typical policy
positions when the two cues conflict. The Democratic estimate is clearly distinguishable
from indifference; the Republican estimate points in the same direction but is less conclu-
sive. Splitting each party by respondents’ self-reported ideology, which 19 of the studies

behind the fourth facet measure, shows that the pooled estimates combine two very different
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groups: liberal Democrats choose the co-partisan with conservative positions only 38.2% of
the time (95% CI: 31.7-44.7%) and conservative Republicans choose the co-partisan with
liberal positions 47.7% of the time (95% CI: 39.9-55.4%), whereas conservative Democrats
choose the co-partisan 63.6% of the time (95% CI: 58.9-68.3%) and liberal Republicans
61.4% of the time (95% CI: 52.2-70.6%) (Appendix Figure [L.6). In other words, the cross-
pressured partisans also side with the candidate whose positions match their own ideology,
so, measured against respondents’ ideology rather than their party’s typical positions, the
pull of policy over party is stronger than Figure 10| suggests. Nine of these studies also asked
respondents their own positions on the candidates’ issues. Defining policy congruence by
those positions, Democrats choose the co-partisan who disagrees with them 41.7% of the
time (95% CI: 38.2-45.2%) and Republicans 43.0% of the time (95% CI: 40.0-46.0%), so the

Republican estimate, too, now favors the out-partisan who agrees (Appendix Figure [M.7)).

Additional Analyses

In the appendix, we present additional analyses that probe the scope and robustness of our
findings. One natural question is whether attribute effects vary systematically with the type
or level of office being simulated. The dominant result, reported in Appendix Tables
and is null. Across nearly all attributes and both moderators, effects are statistically
indistinguishable from their baseline values. The within-study evidence on office type is
especially thin, however, so these appendix results should be read as suggestive rather than
definitive.

Election level tells much the same story. The two age matchups are the only demo-
graphic rows whose differences reach conventional significance, and both do so in regional
elections: the young-over-old preference falls by 7.0 points, which leaves it at almost exactly
indifference, and the young-over-middle preference falls by 4.6 points (and by 1.1 points in

local elections). Only three other differences in the table are distinguishable from zero, for
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Figure 10: Meta-analytic estimates of party—policy tradeoffs

Note: Each panel defines one comparison type between candidates who match or mismatch the respondent
on party and on policy position; within each panel the rows are respondent partisanship (Democrat and
Republican). Estimates are restricted to US studies, the only ones in which respondents are classified this
way. The lower-left panel (the fourth comparison), where one candidate matches only on party and the
other only on policy, is the key party—policy tradeoff and is shaded light gray to mark it. Small points below
each row label are individual study-level AFCP estimates; large points are random effects meta-analytic
means with 95% confidence intervals. The dashed vertical line marks 0.5 (indifference between candidates
A and B). Complete numerical results for every point plotted here are in Appendix Table
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Democrat versus Independent, conservative versus liberal issue positions, and educator ver-
sus professional, all in local elections. Partisan preferences do not vary reliably with election
level. The in-party win rate is larger by 2.3 percentage points in local elections and 9.7
points in regional elections, but neither difference is significant at the 5% level; the direction
matches the argument that lower-salience contests, which offer less candidate information,
place more weight on partisan cues, although these data cannot confirm it. The Republican
win rate against Democrats, 0.473 nationally and so already below even odds, is 3.9 points
lower in local elections, a difference that is likewise not significant.

We next examine the [Clayton et al.| (2026]) satisficing critique directly on the subset
of studies for which a correction is feasible from the existing data. Their model assumes
that observed responses are a mix of real choices and coin flips, so measurement error due
to satisficing will pull estimates closer to 50% and a correction will reinflate them away
from 50%. Using repeated identical conjoint tasks within respondent, we estimate study-
specific swapping-error parameters and recompute corrected AFCPs for directly feasible
subsets of studies. Appendix Table [[.15 and Figure [[.5 show that the correction moves
estimates modestly away from 50%, but does not overturn the basic ranking in which political
attributes exert larger effects than demographic-identity attributes on the feasible subset.
The largest visible shift is for in-party versus out-party matchups, which become somewhat
stronger after correction. Because most studies do not contain recoverable repeated identical
tasks, we treat this as a subset robustness check rather than a full-corpus correction.

We then apply an intransitivity audit in the style of Abramson et al.| (2026)). The concern
is that aggregate pairwise win rates can imply a cyclic majority relation even when individuals
have transitive preferences. Take three levels of one attribute, say young, middle-aged, and
old candidates. If a majority chooses young over middle-aged and another majority chooses
middle-aged over old, the aggregate ranking is cyclic if a majority nevertheless chooses old

over young. We call three such levels a triangle, and a triangle is testable when the corpus
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supplies all three of its pairwise AFCPs. A triangle whose win rates instead run in a loop,
each level beating the one before it and losing to the one after, is a cycle.

Appendix Table [J.16] shows that the pooled meta-analytic rankings are transitive in nine
of the ten testable triangles; the exception (low, middle, and upper income) cycles only
among pooled AFCPs whose confidence intervals all include 50%. At the study level, 76 of
431 complete triangles show a cycle in the point estimates. Only two survive the requirement
that all three pairwise comparisons be individually distinguishable from 50% (Appendix
Table lists them), so the rest are loops among win rates too close to indifference to
order at all. Most observed aggregate cycles involve imprecisely estimated comparisons near
50%, providing little evidence of stable cyclic majority relations; this audit does not test
whether individuals have coherent preferences.

Finally, we audit abstention or no-choice behavior in the small subset of studies where
the raw archives preserve it. Appendix Table shows that recoverable no-choice rates
are often nontrivial when the option is available, but these outcomes are too sparsely and

inconsistently archived to support a pooled abstention meta-analysis for the full corpus.

Discussion

So what do we learn from a decade of candidate choice conjoint experiments? Across coun-
tries, offices, samples, and time periods, three patterns stand out. First, political attributes
exert substantially larger effects on candidate choice than demographic attributes, while
experience attributes usually fall in between; in the international comparison and among
US Democrats the party matchups are the largest single-attribute effects we estimate, and
among US Republicans only the Christian-versus-Muslim matchup, estimated from three
studies, is larger. Second, attribute effects are smaller in studies that make policy informa-

tion explicit. The comparison is descriptive, drawn across studies, but the few experiments
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that randomize policy display within a fixed design confirm that at least part of the at-
tenuation is caused by the policy information itself. Third, respondents generally favor
co-partisanship over demographic similarity; when party labels conflict with issue positions
conventionally associated with respondents’ parties, Democrats favor the latter, while the
Republican result is inconclusive when congruence is inferred from party and favors policy
when it is measured by respondents’ own positions. These patterns differ in the breadth of
evidence that supports them. The direction of the co-partisan advantage is highly consistent
across studies, though its magnitude varies considerably. Party is also the only political
attribute randomized widely enough outside the United States to enter the international
comparison, whereas the policy-position contrasts come from US studies. The tradeoffs and
the respondent-level heterogeneity behind the third pattern, by contrast, rest on US studies
with measured respondent partisanship and race.

In short, our findings more closely resemble a classical account of candidate choice
, , in which political considerations take precedence over demographic affinity.
Political attributes produce the largest average effects, voters generally favor co-partisans
over demographically similar out-partisans, and several nonpolitical cues weaken when ex-

plicit policy information is provided. These patterns are consistent with voters using de-

mographic characteristics to infer candidates’ likely policy positions (Cutler} 2002; [Popkin|

[1991}; [Lupia and McCubbins, 1998}, Kirkland and Coppockl, |2018; Arnesen, Duell, and Johan-|

nesson, 2019; Abramson and Gillespie, [2024)). They do not uniquely identify this mechanism,

since partisanship can also function as a social identity and demographic affinity can have

intrinsic value (Pitkin, 1967; [Mansbridge, 1999)).

An alternative perspective, rooted in social identity theory (Tajfel and Turner} 2004) and

related work (Wallace, 2014} |Lublin and Wright|, 2024; Manzano and Sanchez, 2010; |Schild-

kraut), [2013}; |Stokes-Brown and Dolan) 2010; [Dassonneville and McAllister], 2018; [White and|

, 2020)), emphasizes that demographic attributes may matter not only because they con-
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vey information, but because voters may derive intrinsic, non-policy utility from supporting
in-group candidates. On this account, shared race, gender, religion, class background, or
other identities can generate affective attachments, solidarity norms, and symbolic benefits
that shape vote choice even when policy considerations are held constant. Our gender- and
race-based tradeoff analyses speak directly to this claim: when voters face explicitly cross-
pressured choices, they generally resolve the tradeoff in favor of political congruence. This
pattern does not rule out identity-based motivations, but it does suggest meaningful limits
on their influence in these conjoint settings.

At the same time, we reiterate that interpreting these findings is frustrated by an observa-
tional equivalence problem. For example, increased support for candidates from historically
underrepresented groups among some voters (Mikkelborg), [2025; |Weissman, 2025) could arise
from multiple underlying processes, including changes in policy inferences, shifts in partisan
coalitions, evolving social norms, or intrinsic preferences for descriptive representation. As in
debates over statistical versus taste-based discrimination (Phelps,|1972;|Guryan and Charles|,
2013; Heckman) 1998), distinct mechanisms can produce similar observable behavior. Our
evidence therefore speaks clearly to the structure of voter choices under controlled variation,
but not to the underlying motivations that generate those choices. The distinction matters
for comparison with [Treger et al.| (2026), who measure respondents’ own policy preferences
in a Canadian conjoint. Our main US tradeoff infers policy congruence from partisanship,
so the two analyses address related but distinct comparisons; the own-issue analysis in Ap-
pendix which measures congruence directly in the eight studies that asked, is the closer
analogue.

Our approach also illustrates the value of meta-reanalysis for assessing generalizability
in political behavior research. By studying the same phenomena across many contexts, we
can estimate not only average effects but also the extent of variation, and in some cases

(as in our estimates of how policy information attenuates effects) we can even explain the
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correlates of that variation. Working from original study datasets rather than published
estimates is crucial: 1,155 of the 1,705 study-comparison pairs in our publication audit
(67.7%) have no directly comparable published analogue, usually because the original papers
report results at different levels of aggregation, for different subsamples, or as different
quantities. Working from original data also enabled us to estimate AFCPs (rather than
rely on the more commonly reported AMCEs) and to conduct the many robustness and
alternative analyses that simply would not be possible without the microdata.

Beyond these specific findings, the standardized corpus is a resource that exceeds this
paper. We have prioritized the lessons we take to be most valuable and most generalizable:
how voters weigh broad classes of candidate attributes, how those weights depend on the
information environment, and how cross-pressured voters navigate tradeoffs. We recognize,
though, that theoretical importance is often in the eye of the theorist, and that the many
other questions this corpus could address are important too, regardless of where they fall
in our own (or others’) “importance hierarchy.” To that end, we have developed tools that
will enable other scholars to use and build on our work. We provide the cleaning, reanalysis,
and meta-analysis code and the resulting standardized data, subject to restrictions on the
redistribution of original study datasets; we package the order-invariant matchup-extraction
and estimation machinery as a standalone R package that applies to any standard conjoint
design; and we provide an interactive explorer that recomputes any requested win rate on
demand from the standardized data (Appendix [A|describes the last two). A useful first step
for the next question in candidate choice may not be a new experiment at all: a scholar
with a hunch can ask what the assembled evidence already implies, and where precisely our

current knowledge is thin, before fielding anything new.
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